® Cancer: Interactions across multiple molecular modalities (multiomics)
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® Challenges in graph-based deep learning

O Independent feature selection

O Homogeneous graph learning

®* Multiomics integration: Deeper insights into cancer biology

_7 Heterogeneous graph over jointly reduced omics features?

®* HeteroGATomics: Heterogeneous Graph ATtention network for omics

Contributions

Integration
a Joint feature selection across all omics
O Heterogeneous graph learning for cancer prediction

® Dual-view approach with feature and patient similarity networks

HeteroGATomics Architecture
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Downstream tasks and
interpretation
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® The Cancer Genome Atlas (TCGA) cohorts
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Omics Modalities
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Ablation Studies

Metric value
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